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Abstract ; This paper proposed one kind of K-Means analysis method based on the genetic algorithm by
the average value niche. The real number method was used to encode the clustering center, and the chro-
mosome was matched with the clustering central array correspondingly throuth array transformation. The
method was used to update the clustering central with selection, crossover, mutation and the average val-
ue niche population optimization. The stable state of the error function and the best dividing clustering
center was obtained. The experimental result demonstrated that the Ringa-K-Means method was obviously

better than the traditional K-Means method and the Sga-K-Means method.
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