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Abstract: Accelerating the application of artificial intelligence (AI) and other modern information technologies
in agriculture is an urgent need for the development of modern agriculture, which will help promote the
development of national rural revitalization strategy, digital village construction and smart agriculture. To deeply
analyze the potential and direction of smart agriculture driven by Al technology, we reviewed the key
technologies of agricultural Al and the research status of agricultural Al for planting, poultry, animal husbandry
and agricultural product traceability and classification, analyzed the gap of agricultural Al technology at home
and abroad as well as the international situation and challenge of agricultural Al technology in China, and

proposed the countermeasures and suggestions for the development of agricultural Al in the future.
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Fig.1 The architecture of wireless sensor network
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A R IG5 1 RFAE 25 (R 2 A RE T B S 4 AR
B

FEAR P it R [ 77 1, 5 i 55 v 1 —Fol
A7 b S AT AE TR R G, IR R R &
G WU e RS WU DX sy 3 350 43 2HL B, 1 2% 35 mT aE e 7
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nication, NFC) 595k ¥ fal-& 8 FH (1) P XS (it 7 55 45
BRG, BRI AT 7 R2a it
Catarinucci 55" 45 & it Sl 14 1) (Radio frequency
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N 7= B9 25 AT W . Ruiz-Garcia
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S5 B RS EHR AA A DL L a2 A0 8 PR I B
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() B P E A7 76 8 3% A5 00 A0 B AR 945 oo 23 1) 43 A B



8 HErg RO K 2= 4R (http://xuebao.scau.edu.cn/zt/hnny _zr/ch/index.aspx)

41 %

AR ZE R 2 AWM . 0 ST R o N
BEAYUR AL s XA S E AT, 1R 7 —Fb
To NAUIE RS2 AGAE B 78 5 B AR s S, R 2
I AH JC AN WLEE SR SR S I T M A 4 7 5 AR AR
(AR o e U I Rt =B - S O TR #AR
W B 38 1) GG 48 A B TG I A /N 22 7 6
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A7 A B I FUAE B B AIE B AL IR BE T TH R A
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U B AR ML, A e AHLAE TR Bk A0 1, (K
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BRI TE AN FRE A T AN I H AR AL T
ARG HIAL, o A WL 2 e 2 AR [ AR R AL 1)
AEREE— . FEET ML LN E FF B
SRARAIA H A, T o B LR AR

5 B A AL AR N = S AR R, AR 22 77 L
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T AAH SR B F ARG BEAED A K
MR O KEHE - Hr b, B PRkt i 2 g
Tk FE oA R S5 B A A A A R T ) 1) R

BT T0 N J% S TR v A Ml it 2 it 25 5
Folt, SRR A U ) B AR . H BT R ANLIEZ
I A S B B I 147 vt e, L — AN BR PR TG
MU ML AL 7 P B A s AR o o e AR I TE N
HUEME AL 75 B, 75 25 T0 AL I UG AT AR 15 o
MR A . (EAS [FIFEY) LA B AN IR A A B I E P A=
KA S, AN/ A B RAS B &0l A, PRI T
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